SECTION TITLE SPOTLIGHT ON TRANSACTIONS I
n big data, there are datasets with di erent representations, distributions, and scales in di erent domains. How can we unlock the power of knowledge from multiple disparate, but potentially connected, datasets? Addressing this challenge is of paramount importance in big data research. Integrating heterogeneous datasets is essentially what distinguishes big data from traditional data manipulation and analytic tasks.
In "Methodologies for CrossDomain Data Fusion: An Overview," Yu Zheng summarizes the cross-domain data-fusion methodologies for big data analytic tasks (IEEE Trans. Big Data, vol. , no. , , pp. -) . His survey paper categorizes these tasks as stage-based, feature level-based, and semantic meaning-based data-fusion methods. The third category is further divided into four groups: multiview learning-based, similarity-based, probabilistic dependency-based, and transfer learning-based methods. Di erent from traditional data fusion studied in the database community, these cross-domain data-fusion methods focus on knowledge fusion rather than schema mapping and data merging (see Figure ) .
Z
heng not only introduces the high-level principles of each method category, but also gives examples of how these techniques have been used to handle real-world big data problems. For instance, he describes a model for inferring a city's ne-grained air quality based on datasets for air quality, meteorological data, tra c, points of interest, and road networks. Clearly, many factors interact in such a complex inference problem requiring temporal and spatial reasoning. The solution was to exploit co-training methods in machine learning to allow the natural incorporation of these interactions in the nal model. In addition, Zheng positions existing works in a framework, exploring the relationship and di erences among di erent data-fusion methods. This article will help a wide range of communities nd e ective solutions for the important task of data fusion in practical big data projects. 
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